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Background 

Geodemographics links the sciences of 

geography and demography 

 

Commercial geodemographic classifications 

began to emerge in the late 1970ôs 

 

 - PRIZM (Claritas)  USA 

 - Acorn (CACI) UK 

 - Mosaic (Experian)  

 

Predominantly used in the targeting of 

óidealô populations for products and services 

 

- Some public sector significance 

- Recent shift from óblack-boxô to open 

source 

 



Background cont. 

Open source geodemographics 

 

Å Output Area Classification (OAC) 

 

- Initially 2001  

- Updated 2011 

- In line with Census releases from ONS 

 

 

Å E-society Classification 

 

- 2007 

- Predominantly based on lifestyle and 

consumer survey data/ some census 

 

Å Internet User Classification (IUC) 

 

- Survey/ Crowdsourced data/ Census/ 

Infrastructure 

 



The Three Fundamental Requirements  

Infrastructure 
Behaviors 

Demographic & 

Contextual 

IUC 



1. Infrastructure 

ÅComprehensive studies of English broadband 

infrastructure (fixed-line and mobile) 

 

Å Performance and access evaluated by indicators 

of socio-spatial structure (OAC and open 

geodemographic profiling) 

 

Å A geography of supply to consider alongside 

demand 

 

Å What are the apparent disparities? 



Infrastructure Data  

ÅHard to find, but essential to the project 

 

Å No public data/ Incumbent suppliers donôt like to 

share 

 

Å The OfCom Sitefinder fiasco/ had to get creative 

 

Data: 

 

Å 7.6m geo-tagged speed test estimates 

 

Å Exchange location database (web scraped) 

 

Å OfCom Sitefinder database (eventually) 

 

ÅLaborious óJanitorô work 
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http://geographicdatascience.com/ 



2. Behaviors  

Key aims: 

 

- What are the geographies of demand 

for various Internet applications? 

 

- What can we learn about preferences 

and perceptions? 

 

- Can we start to identify user groups? 

 

- How do disparities in supply match 

with disparities in demand? 

 

- How can we model this nationally?   

MK41 8RG 



Behavioral Data  

Å Again, not easy to find 

 

Å ESRC Understanding Society ï 

Issues 

 

Å OXIS / OII offered the most 

comprehensive survey data (vast 

dataset) 

 

Å Partnership between GDSL and OII 

established 

 

Å Data exchanged for the purpose of 

creating small area estimates of 

Internet engagement 

 

Å Output: Internet Consumer Map 

Book 
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% Frequently buying products online - London 
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3. Demographic and Contextual Data 

Å 2011 Census data 

 

Å Area level statistics for multiple domains 

 

Å Assists in cluster formation and unpicking results 

 

Å Data selected based on previous research 

 

Å  31 contextual indicators: 

 

Age 

Level of qualification 

Employment sector 

Full time students  

Population density 

 



Building a geodemographic classification 

Assessment of input variables: 

 

- Distributions 

- Skew 

- Normalize? 

- Standardize 

 

Cluster: 

 

- K-means 

- 10,000 iterations 

- Supergroup and Group level 

hierarchy  
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